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Abstract

This paper presents an empirical analysis of [talian attitudes towards climate change and climate
policies based on a comprehensive survey of 5,637 respondents. The study investigates the potential
drivers of public support for various climate policies, including carbon taxes, product bans, and sub-
sidies for green technologies, in light of public resistance observed in other countries. We use ordered
probit models to address support for specific policy types and a multivariate probit model to explore the
interdependencies across public opinions on taxes, bans, and subsidies. Our findings indicate that atti-
tudes toward climate policy are primarily shaped by a combination of individual characteristics —such
as political affiliation, climate change awareness, and personal intentions — and, to a lesser extent, by
the respondents’ employment sector. We find that older individuals, those with left-leaning political
views, and those with higher climate engagement are consistently more likely to support a broad range
of climate policies. Conversely, individuals who deny climate change and those working in hard-to-abate
industries show a certain opposition. The analysis also strongly highlights the importance of social eq-
uity, as concern about inequality is positively correlated with support to subsidies, while concerns about
impacts on personal wage and wealth appear to reduce, in several cases, support to climate policies.
Our multivariate analysis also reveals a high correlation across different policy types support, suggest-
ing an underlying, unified view in favour (or against) climate action. Similarly to Douenne and Fabre
(2022), our results highlight the importance of designing policies that are not only economically sound
but also address social equity concerns, such as through targeted revenue recycling, to enhance public

acceptability and mitigate potential resistance.
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1 Introduction

It is elear that a broad consensus exists regarding the severity of the climate change problem and the urgency
of implementing strong policies. Over the last two decades, research has intensified, leading supranational
institutions and many governments to adopt numerous measures to enhance climate policy. Focusing on
policymakers, we observe that efforts steadily increased until the Paris Agreement, a landmark in terms
of ambition. Since that point, however, the challenge of public acceptability has emerged as a significant
constraint.

The aim of our analysis is to investigate why, despite a general consensus in the academic literature (e.g.
Baranzini et al., 2016; Cingano & Faiella, 2013; Feindt et al., 2021; Goretti & Lanza, 2023; Nordhaus, 2015)
and among international institutions (e.g. IMF, 2016; IPCC, 2023) supporting carbon taxes or, at least, the
urgency of implementing major measures to address and mitigate the climate crisis, political decision-makers
still appear as mostly concerned about public protests. This concern is exemplified by events like the Yellow
Vests movement in France (Carattini et al., 2018). Ewald et al. (2022), clearly highlighting that the drivers of
social resistance are often associated with factors unrelated to environmental policy, such as unemployment
or economic recession.

Indeed, the foundation for strong policy has been long established: a decade ago. Cingano and Faiella
(2013) demonstrated the effectiveness of a carbon tax on the transport sector. Baranzini et al. (2016) provide
nseful insight into the efficiency of carbon pricing, noting that its regressive impacts can be mitigated by
recycling tax revenues (Feindt et al., 2021). Concurrently, much work has focused on the design of interna-
tional cooperation, with the Climate Clubs proposed by Nordhaus (2015) representing a seminal contribution
in this field.

More recently, in light of the lack of popularity of certain climate and environmental policies, the accept-
ability of these measures has become a crucial topic. The potential challenge lies in the likely resistance from
the general population and the industrial sector. Consequently. research activity appears to have shifted
from focusing solely on the efficiency of policies to analyze also their public acceptance.

To investigate the extent of resistance to climate policy in Italy, we aim to determine whether drivers sim-
ilar to those behind the French Yellow Vest movement (Carattini et al., 2018) or broader economic concerns
like unemployment or recession (Ewald et al., 2022) are at play. To achieve this, a survey was administered
to Italian residents, stratified by income deciles, which also captured the respondents’ employment sector.
This design allows us to critically examine the attitudes of both the potential beneficiaries and the potential
losers of the energy transition.

The data for this study were thus collected via a survey administered from January 24" to March 2"¢ of
2025 in Italy. The total sample size is 5,637 respondents. To ensure adequate representation across all age
groups, over 30% of the interviews (1,800) were conducted using the Computer Assisted Telephone Inter-
view (CATI) method. The remaining 3,837 interviews were carried out using the Computer Assisted Web
Interview (CAWTI) method.

The structure of our survey is inspired by the seminal work of Dechezleprétre et al. (2025), allowing for a
direct comparison of our findings, analysis, conclusions, and policy recommendations. They identified three
key perceptions affecting policy support: perceived effectiveness of policies, distributional effects, and self-
interest. We also found self-interest to be a driver of policy acceptability; however, our results demonstrate
that this driver is weaker than the individual, ideological, and social attitudes of the respondents. Perceived

effectiveness and distributional effects also play a role.



Our primary objective is to better understand the determinants of public perception toward climate
policy. To achieve this, we adopted a discrete choice framework. We first estimated a Multivariate Probit
model to capture the possible correlation across supports to different policy instruments — taxes, bans, and
subsidies — and to assess whether preferences are systematically organized by instrument type. Moreover
we relied on an Ordered Probit (O-Probit) model for each specific policy type and general view investigated
in the questionnaire. More specifically, we grouped both the views on suitable public intervention tool and
on the support to specific types of instruments (taxes, subsidies or bans), controlling, among others, for
perceived distributional concerns and possible redistribution of tax revenues (if any).

Although several similarities across different instruments’ support exist. we also find heterogeneity, specif-
ically in terms of the link between instruments support, distributional concerns and views about the most
suitable shape for public intervention. The relevance of distributional concerns align our work to the litera-
ture, and in particular to Douenne and Fabre (2022).

This version of the paper is organized as follows. Section 2 presents data and methodology, section 3

presents results. Finally, section 4 provides concluding remarks.

2 Data and Methodology

2.1 Sample characteristics

The sample size is 5,637 interviews, with demographic distributions (gender and age) compared against the
official figures from the Italian National Statistics Institute (ISTAT) census as of January 1, 2024 (ISTAT,
2024a)!. Ttaly’s female population accounts for 51.09%, which is slightly lower than the proportion observed

in our survey (52.5%). The age distribution is also closely aligned with the census data, as detailed in Table 1.

The sample was further stratified into income deciles based on the figures published in the Bank

Table 1: Sample characteristics.

Age Classes Sample Frequency Sample Percent ISTAT Census (Jan 1, 2024) .

18-24 398 7.06 8.26
25-34 659 11.69 12.49
35-44 881 15.63 14.06
45-54 1,035 18.36 18.26
55-64 1,049 18.61 18.24
65-74 970 17.21 13.82
>74 645 11.44 14.86
Total 5,637 100.00 100.00

of Italy’s Survey on Household Income and Wealth (Bank of Italy, 2022). This annual reference survey
gathers data on the economic and financial behavior of approximately 7,000 families (16,000 individuals)

distributed across about 300 Italian municipalities. The official deciles thresholds were rounded to derive

IThe questionnaire is available in the Appendix A.



Figure 1: Sample characteristics
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the classes used in our questionnaire (Question 12), aiming for more effective respondent selection and
clearer response options. This stratification ensured that each decile was evenly represented, entailing a size
of approximately 10% of the entire sample, with only 128 non-respondents (see Table 2).

The remaining characteristics of the sample were not subject to stratification. Information on

Table 2: Income Deciles Stratification.

Deciles Bank of Italy Thresholds (€) Survey Deciles (Rounded, €) Frequency Percent

1 < 983.25 < 1,000 565 10.26
2 083.26 — 1,334.08 1.000 — 1,300 564 10.24
3 1,334.09 — 1,675.83 1,300 — 1,700 564 10.24
1 1,675.84 — 2,004.33 1,700 — 2,000 560 10.17
5 2,004.34 — 2,338.50 2,000 — 2,300 548 9.95
6 2,338.51 - 2,800.67 2,300 — 2,800 547 9.93
7 2,800.68 — 3,335.42 2,800 — 3,300 534 9.69
8 3,335.43 — 3,933.83 3,300 — 3,900 548 9.95
9 3,933.83 — 5,090.92 3,900 - 5,100 565 10.26
10 > 5,090.92 > 5,100 514 9.33
Total (Valid Responses) 5,509 100.00

marital status, family size, level of education, and employment status was collected directly from the
respondents. Unfortunately, as is common in this type of analysis, degree-educated respondents are
over-represented (Stantcheva, 2023). In our sample, they constitute 36.68%, whereas the official figure for
the Italian population aged 25 to 64 is significantly lower at 21.6% (ISTAT. 2024b). Table 4 provides the
full distribution of the education level.

Questions 9 and 10 were designed to facilitate a sectoral study, aiming to investigate how respondents
perceive themselves as winners or losers of climate policies and, conversely, as winners or losers of
climate damage. We intentionally mirrored the questions used by Dechezleprétre et al. (2025) to ensure

comparability of the data setting. Specifically, Question 9 asks for the sector of respondents currently in



Table 3: Distribution of respondents by employment status.

Employment Status Frequency  Percent
Full-time employee 1,774 31.65
Part-time employee 550 9.81
Self-employed 548 9.78
Student 277 4.94
Retired 1,587 28.31
Unemployed (seeking work) 560 10.10
Inactive (not seeking work) 303 5.41
Total 5,605 100.00

Table 4: Distribution of respondents by education level.

Education level Frequency  Percent
No formal education 21 0.37
Primary school 200 3.55
Lower secondary school 671 11.90
Vocational diploma 605 10.73
Upper secondary school 2.051 36.38
Bachelor’s degree 1,069 18.96
Master’s degree or higher 999 17.72
NA 21 0.37
Total 5.637 99.98

the job market, while Question 10 targets the last sector for those who are retired, unemployved, or inactive.
Aggregated results are presented in Table 5.

It should be noted that the high proportion of responses under the category “No. none of the above”
is an inherent feature of using questions derived from a cross-country study (as in Dechezleprétre et al.
(2025)), where the selected list of high-emitting sectors is necessarily generalized and less exhaustive for any

single national economy.



Table 5: Combined job sector distribution across all respondents (working and non-working).

Response Frequency  Percent
Oil, gas, or coal 60 1.07
Other energy industries 94 1.68
Cement production 14 0.25
Construction 239 4.27
Car manufacturing 81 1.45
Iron and steel production 97 1.73
Chemical production 98 1.75
Plastics production 55 0.98
Pulp and paper production 44 0.79
Agriculture (crops or livestock) 157 2.81
Air transport (e.g., airlines) 41 0.73
Service sector 2,139 38.23
Homemaker 606 10.83
No, none of the above 1.870 33.42
Total 5,595  100.00

Meanwhile, Questions 9 and 10 focus on high-emitting industries, while Question 11 was designed to
investigate the broader economic activity of the company or organization where the respondent works or
has worked. Consequently, the set of multiple-choice answers is significantly larger, as shown in Table 6.
‘We included this detailed part of the survey to analyze whether the respondent has a vested interest, either
direct or perceived, as a stakeholder in climate and environmental policies.

Information regarding both sectoral activity (from Question 11) and specific industry (from Questions
9 and 10) were treated to clearly distinguish hard-to-abate sectors and activities. This classification
relies on the general consensus established by international organizations (e.g. EU, 2021; IRENA, 2024;
UNFCCC, 2023). Specifically, the following industries were included in the hard-to-abate category: Oil,
gas, and coal; Other energy industries: Cement production; Construction; Iron and steel production;
Chemical production: Pulp and paper production; and Aviation. Similarly, the following broader activ-

ities were classified as hard-to-abate: Mining, Construction, Manufacturing, and Transportation and storage.



Table 6: Distribution of respondents by main economic activity of the employver /organization (Question 11).

Response Frequency  Percent
Agriculture, forestry, fishing, hunting 149 2.81
Mining, quarrying, oil, gas extraction 35 0.66
Public utility services 245 4.61
Construction 244 4,60
Manufacturing 344 .48
Wholesale trade 142 2.67
Retail trade 316 5.95
Transportation and storage 135 2.54
Information technology (IT) 205 3.86
Finance and insurance 188 3.54
Real estate and rental and leasing 22 0.41
Professional, scientific, and technical 179 3.37
Management of companies and enterprises 59 1.11
Administrative and support activities 107 2.02
Waste management and remediation 11 0.21
Educational services 431 8.12
Health and social assistance 251 4.73
Arts, entertainment, and recreation 75 1.41
Accommodation and food services 154 2.90
Other services 480 9.04
Public administration 396 7.46
Homemalker 606 10.83
No, none of the above / Other 716 13.49
Total 5,309 100.00

2.2 Variables Definition

To capture the potential drivers of the complexity of public opinion on climate change, we constructed several
key composite variables from collected survey data. These indices serve to aggregate related responses into
condensed measures of engagement, awareness, and behavioral intentions.

The Engagement Index is constructed as a measure of an individual’s involvement and belief in shared
responsibility for climate change. This index ranges from 2 to 11 and is the sum of three distinet variables:
a binary variable indicating membership in an environmental association (1 if yes, 0 if no); the respondent’s
self-assessed level of agreement with the statement, “Climate change is the fault of all of us, our behaviors;
we need to spend and consume less to solve the problem”, measured on a Likert scale from 1 (Strongly
disagree) to 5 (Strongly agree); and the respondent’s rating of “Each of us” as a contributor to climate
change in Italy and Europe, as per Question 31, also measured on a scale from 1 to 5.

The awareness index, ranging from 0 to 25, is a comprehensive measure of a respondent’s factual knowl-

edge about climate change. It is caleulated by summing and subtracting responses from four key questions:



- Question 27 “Which of the following elements contributes to climate change?”: Correct answers (C'Oq
and Methane) add to the score, while incorrect answers (Hydrogen and Particulate matter) subtract

from it.

- Question 29 “Which region contributes most to global greenhouse gas emissions?”: Only correct rank-
ings are rewarded. The score is the sum of points for each correctly ranked region (United States,

European Union, China, and India).

- Question 30 “If nothing is done to limit climate change, how likely do you think it is that climate change
will lead to the following events?”: Correct answers (Severe droughts, sea-level rise. lower agricultural
production, decline in living standards, wider migratory flows, and more armed conflicts) add to the
score, while incorrect answers (More frequent voleanic eruptions and human extinction) subtract from

it.

The Intentions Index serves as a measure of a respondent’s self-expressed willingness to adopt pro-
environmental behaviors. It is calculated as the sum of responses to the five proposed actions in Question 33,
each rated on a 5-point Likert scale ranging from 1 (Not willing at all) to 5 (Very willing). The five actions
surveyed are: Limiting air travel; limiting car travel; owning an electric vehicle; limiting consumption; and
limiting home heating or cooling. The resulting index ranges from 5 to 25. with higher values indicating a
greater expressed willingness to change personal behavior to mitigate climate change.

To analyze the internal consistency of public opinion across different instrument types—mamely taxes,

bans, and subsidies

we created two sets of dummy variables. The first set, derived from Question 35, cap-
tures explicit support for specific policy proposals. We defined Support_Tax as a binary indicator equal to 1
if the respondent supports a flight tax or a national fossil fuel tax. Swupport_Ban takes the value of 1 if the
respondent supports banning polluting vehicles in city centers. Suppert_Sus is equal to 1 if the respondent
supports either subsidies for low-carbon technologies or contributions to a global climate fund. In all cases,
the dummy is triggered if the respondent selects the “Support” option. These three dummies are our main
dependent variables.

The second set, derived from Question 22, captures a more general normative stance on government
action, which we label as “Good View” variables. These variables are set to 1 only if the respondent
“Strongly agrees” (score > 4) with the respective government intervention. Specifically, Good_View_Tax
ageregates agreement with increasing taxes on polluting products, fossil fuels, plastic, or higher incomes.
Good_View_Ban captures agreement with banning polluting products or fossil fuels, while Good. View_Sus
covers agreement with incentivizing non-polluting, renewable, or eco-sustainable products. We use these
variables to assess whether opinions on how climate policy should be shaped affect (in a consistent direc-
tion), specific climate policy support.

Finally, to investigate the possible impact of carbon tax revenue recycling on climate policy support (of
any kind), we categorized the nine options presented in Question 36 into four thematic binary variables.

These variables take the value of 1 if the respondent supports (score > 2) the specific use of revenue:

- Social_36: Captures support for redistributive or social measures, including cash transfers (to families
without alternatives, poor families, or all families), reductions in personal income taxes, and funding

for environmental infrastructure (e.g., public transport).



- Firms_36: Indicates support for corporate-focused measures, such as reducing corporate income taxes

or providing tax breaks for affected businesses.

- Energy_36: Reflects support for using revenues specifically to subsidize low-carbon technologies and

renewable energy.

- Macro_36: Represents support for using revenues for macroeconomic stability, specifically through the
reduction of the public deficit.

A comprehensive summary of all variables employed in the analysis is provided in Table 7. This includes
the demographic controls, socio-economic factors, and the specifically constructed indices for awareness,

engagement. and intentions.

2.3 Methodology

To analyze the public acceptability of climate policies, we employed a methodological approach based on
discrete choice models. Specifically, to account for the correlation among attitudes toward different policy
instruments, we employed a Multivariate Probit (MV-Probit) analysis. We constructed two groups of three
dichotomous variables, based on responses to Question 35, to develop a joint model. This approach allows
us to investigate whether public opinion is systematically organized around the type of policy instrument.
Specifically, whether individuals are more inclined to support policies based on taxation, bans, or subsidies,

In this context, we examined taxation policies, which are often cited as the most effective (Baranzini
et al., 2016), alongside bans, which are typically more politically sensitive, and subsidies, which are generally
more popular but perceived as less effective.

In addition, we adopted several Ordered Probit (O-Probhit) specifications, treating the level of support or
opposition to each policy as the dependent variable. The O-Probit model is ideally suited for this disaggre-
gated analysis, as it captures the ordinal nature of the respondents’ levels of opposition or support (Question
35). Our models include composite indices deseribed in the previous section (Engagement, Awareness, and
Intentions) as key explanatory variables, alongside a comprehensive set of controls: standard demographics
(gender, age, marital status, education level, and family size), economic factors (income decile, employment
status, and homeowner status), political attitudes (interest in political debates and left- or right-wing
self-identification), and household-specific characteristics (type of heating, insulation, and transport access).
The regressions also incorporate variables capturing perceived self-interest (expected impact on wage or
property) and professional context, such as whether the respondent works in a hard-to-abate sector.

Finally, we conducted separate Ordered Probit analyses for each specific policy listed in Question
35, including a flight tax, a national fossil fuel tax, bans on polluting vehicles, subsidies for low-carbon
technologies, and contributions to a global climate fund.



Table 7: Description of variables

Variable Description

Demographics

Female Binary variable equal to 1 if the respondent is female.

Age Age of the respondent in years.

Married Binary variable equal to 1 if the respondent is married or in a civil union.

Family Size

Education Level

Total number of members in the respondent’s household, with an upper
bound of 5 (Question 5).

Categorical variable representing the highest level of education attained
(1-7: Question 7).

Socio-Feonomic
Unemployed
Hard-to-Abate Sector

Homeowner
Interest in Politics
Income Deciles

Binary variable equal to 1 if the respondent is eurrently without a job.
Binary indicator for employment in carbon-intensive industries

(e.g. EU, 2021; TRENA, 2024; UNFCCC, 2023).

Binary variable equal to 1 if the respondent owns their primary residence.
Self-assessed level of interest in political debates, measured on a 1-5 scale.
Set of binary variables representing the respondent’s household income
decile (2-10).

Political Orientation
Political 1D

Set of binary variables for self-identification (Left, Center-Left, Center-Right,
Right - Question 16).

Household Characteristics
Heating (Flec/Gas)
Building Insulation

Transport Accessibility

Binary indicators for the primary energy source used for home heating.
Binary variable indicating the presence of thermal insulation in the
respondent’s home.

Binary indicator for the availability of high-quality public transport in the
respondent’s area.

Climate Attitudes and Indices

Negationist
Awareness Index

Engagement Index
Intentions Index

Optimist

Iinpact on wage /property

Worried by Inequality

Binary indicator for individuals who do not believe climate change is real.
Composite score measuring factual knowledge about climate change (range
0-26).

Composite measure of personal involvement and perceived shared
responsibility (range 2-11).

Measure of willingness to adopt five specitic pro-environmental behaviors
(range 5-25).

Composite measure of general and institutional trust, based on trust in other
people and the government (range 2-10). It is given by the sum of Questions
40 and 41.

Perceived personal economic impact (measured on a 1-5 Likert scale) of
climate change policies (Questions 37 and 38).

Level of concern regarding social inequality, measured on a 1-5 Likert

scale (Question 39).

Policy Views and Recycling
Good View (Tax/Ban/Sus)

Social_36
Firms_36
Energy_36

Macro_36

Binary variables indicating strong agreement (score = 5) with specific

types of government intervention in Question 22.

Support for revenue recycling through social transfers or environmental
infrastructure (Score > 2 for items 1, 2, 3, 4, or 7 of Question 36).

Support for revenue recycling through corporate tax breaks or aid to affected
businesses (Score > 2 for items 5 or 6 of Question 36).

Support for revenue recycling through subsidies for low-carbon and renewable
energy (Score > 2 for item 8 of Question 36).

Support for revenue recycling aimed at reducing the national public deficit
(Score > 2 for item 9 of Question 36).
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Table 8: Summary Statistics of Control and Composite Variables

Variable Obs Mean Std. Dev. Min Max
Demographics
Female 5,460 0.519 0.500 0 1
Age 5,460 51.90 17.29 18 99
Married 5,460 0.491 0.500 4] 1
Family Size 5,428 2.653 1.142 1 5
Education Level 5,439 5.101 1.352 1 T
Socio-Economic Faclors
Unemployed 5,460 0.103 0.304 0 1
Hard-to-Abate Sector 5,460 0.134 0.341 0 1
Homeowner 5,460 0.788 0.408 1
Interest in Politics 5,432 2.905 1.166 1 5
Income Deciles (2 to 10) 5460  0.09-0.10 = 0 1
Political Orientation
Left-wing 5.460 0.155 0.362 0 1
Center-left 5,460 0.198 0.398 0 1
Center-right 5,460 0.142 0.349 0 1
Right-wing 5,460 0.114 0.318 0 1
Household Characteristics
Electric Heating 5,460 0.153 0.360 0 1
sas Heating 5,460 0.632 0.482 0 1
Building Insulation 5,460 0.206 0.404 0 1
Transport Accessibility 5,460 0.395 0.489 0 1
Climate Attitudes and Indices
Negationist 5,460 0.100 0.300 0 1
Awareness Index 5,460 15.33 3.742 0 26
Engagement Index 5,460 T7.197 1.878 2 11
Intentions Index 5,460 15.86 4.359 5 25
Optimist 5.375 5.013 1.752 2 10
Impact on Wage 5,267 2.791 0.867 1 5
Tmpact on Home/Property 5,204 2.806 0.879 1 5
Worried by Inequality 5,414 3.979 0.966 1 5}
Policy Views (Good View)
Good View: Tax 5,460 0.468 0.499 0 1
sood View: Ban 5,460 0.364 0.481 0 1
sood View: Subsidies 5,460 0.587 0.492 0 1

Note: Income Deciles range from 0.09 to (.10 across all categories.
Total sample size varies slightly due to missing values.

3 Results

3.1 Multivariate Probit

In the multivariate probit model, we explicitly account for the potential correlation arising across three
support declarations by respondents, where homogeneous types of instruments (taxes, bans and subsidies) are
erouped in three dummy variables. Table B.1 shows the MV model examining specific policy support—tax,
ban, and subsidies. A stronger concern (i.e. a lower value) for the variables related to the perceived impact

on wage and property implies a lower support to any kind of climate policy, although with some heterogeneity
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across the different typologies of policies. Interestingly, expected impact on wage or wealth do not affect
support to subsidies in this multivariate specification, while it features the largest relevance in relation to
climate related tax instruments. It is also interesting to notice that the support for subsidies does not seem
to be significantly correlated with the idea that climate policy should take the form of taxes or bans. In
relation to other variables, individual attitudes and political identity are confirmed as being correlated to
public acceptance, largely more important with respect to the influence of the respondent’s employment
sector.

The awareness, engagement, and intentions indices are highly significant and positive in predicting support
for the tax, the ban, and the subsidy. Political alignment plays a critical role, particularly for punitive
measures. Left-wing affiliation strongly and positively predicts support for all three policies, whereas center-
right affiliation significantly predicts opposition to the tax. Social concerns are also relevant, but only
in relation to subsidies, as being worried by inequality is positively correlated to subsidies support. It is
interesting to observe that those who are worried about inequality are also more likely to support climate
policy.

Moreover, MV Probit shows that the influence of the employment sector is weaker with respect to the
individual characteristics of respondents, with workers in hard-to-abate sectors only showing significant
opposition to bans (Table 9).

Finally, the need to adopt a multivariate approach is confirmed by the statistical significance of the
correlation parameters across error terms shown in Table B.1. This correlation will be further investigated
in the npeoming steps of our research, as there may be complementarities or trade-offs across different kinds
of support, and this may shed new light on the potential driving forces behind public support to climate
policies.

3.2 Ordered Probit Analysis

In better capture respondents’ attitudes toward specific climate policies, we estimated several Ordered Probit
(O-Probit) regressions, analyzing the drivers of support across the different policy instruments®. Consistent
with the Methodology section, our control variables are organized into two main categories: individual char-
acteristics and employment-related features.

For each policy, the regression is executed across three specifications: the first includes the full set of
controls; the second isolates employment and sector-specific features; and the third focuses exclusively on
individual and demographic characteristics. Furthermore, each specification is estimated twice: once with
robust standard errors and once with standard errors clustered at the provincial level. This allows us to ac-
count for potential territorial correlation. Notably, the use of clustered standard errors does not significantly
alter the estimated coefficients, suggesting that spatial disturbances do not bias our main findings.

The set of individual characteristics utilized in our O-Probit models is comprehensive and encompasses
several dimensions of the respondents’ profiles. These include standard socio-demographics (gender, age,
marital status, family size. and education Level), alongside core economic factors such as deciles and a
dummy variable for unemployed. We also incorporate variables relating to household, specifically Home-
owner Status; the primary energy source for Heating (Gas or Electricity); indicators of a negative opinion

regarding Home Insulation effectiveness: and a negative opinion regarding Public Transport in their eity.

2For the sake of readability, the corresponding results tables have been moved to Appendix C.
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Table 9: Average Marginal Effects on Policy Support

1) (2) 3)
Taxation (AME) Bans (AME)  Subsidies {AME)
b/se b/ se b/se
female -0.051%"" -0.007 -0.002
(0.013) (0.013) (0.010)
Age 0.0037** 0.002°** 0.001%%*
(0.000) (0.000) (0.000)
Education_Level 0.003 0.013** 0.009=*
(0.005) (0.005) (0.004)
HtA - Activity of the organization where resp. works 0.002 -0.043* -0.003
(0.018) (0.018) (0.014)
Interest_in_political_debates 0.010* -0.006 0.006
(0.006) (0.006) {0.004)
left wing n.041** 0.045"* 0.012
(0.019) (0.019) (0.015)
center_left_wing 0.023 0:054*** 0.038%*
(0.017) (0.017) (0.014)
center-right wing -0.038" -0.017 0.020
(0.020) (D.018) {0.014)
insulation_neg 0.001 -0.001 0.037°"*
(0.016) {0.015) (0.012)
negationist -0.011 -0.013 -(0.0867*
(0.025) (0.022) (0.014)
awarenessindex 0.003 .o1p=* 0.012%**
(0.002) (0.002) (0.001)
engagement_index 0.007 0.013**" 0.002
(0.004) (0.004) (0.003)
optimist u.o07" -0.002 -0.001
(0.004) {0.004) (0.003)
intentions_index 0.022%** 0.018%** 0.003**
(0.002) {0.002) (0.001)
waorried. by_inequality -0.008 -0,007 0.023%**
(0.008) (0.007) (0.005)
Impact on Wage 0.025%** 0.015* 0.006
(0.008) {0.008) (0,006}
Impact on Home/Property 0.027*** 0.017** -0.002
(0.009) (0.008) (0,007}
Social 36 0.137%** 0.144%** 0.074%**
(0.024) (0.020) (0.013)
Firms-36 0.001 0.044°** 0.032%*"
(0.015) (0.014) (0.011)
Energy_36 0.053""" 0.105°"" 0.162%*"
(0.019) (0.017) (0.012)
Macro_i36 0.043%* 0014 0.023**
(0.015) {0.014) (0.011)
Good.-View.Tax 0,109 1.035%* 0.015
(0.014) (0.014) (0.012)
Good.View-Ban 0050 0.054"** 0.010
(0.015) {0.015) (0.012)
Good_View_Sus -0.006 0.053%** 0.078%**
(0.016) {0.014) (0.011)
Income deciles Yes Yes Yes
Observations 4923 4923 4923

Note: Marginal effects calculated via umvariate probit models with robust standard errors.

" p<0.10, 77 p<0.05, 77 p<0.01.

Furthermore, the models control for political attitudes (interest in political debates and self-identified Po-
sition in the Political Spectrum), the negationist variable (respondents who do not believe climate change
is real), the Optimist variable (good opinion of people/trust). and worried by inequality (if the respondent
considers inequality a significant problem in Italy). Crucially, this set also includes our variables capturing
perceived self-interest (whether the respondent perceives themselves as a Winner or Loser of climate policy
in terms of salary and house value), along with the three Composite Indices presented above.

Tables C.1 to C.10 display the results of O-Probit regressions (both coefficients and marginal effects). As
the subsequent analysis shows, the set of individual characteristics generally proves to be the most explana-
tory component, offering key insights into the drivers of public acceptability of climate policy.

Tables C.1 and C.2 show the factor affecting support for a severe flight tax aimed at cut air travel emis-
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sions. Support for this measure is strongly influenced by environmental commitment, political alignment,
and personal cost sensitivity.

Support or this policy is most notably driven by active environmental commitment and pro-environmental
behavioral intentions. Individuals who are more engaged in climate action are more likely to support im-
posing this financial penalty. A general awareness of climate change also positively correlates with support.
Those who are generally optimistic are also more inclined to favor this tax. The expectation of being a
winner from climate change policies is positively correlated to the support of tax, showing a pronounced
effect of perceived self-interest in policy acceptance. In fact, people who believe climate policies could have
positive impact on their wage support more.

Being female is a strong factor that makes individuals less likely to support the flight tax compared to
men, while older individuals showing more support. Politically, those on the left wing are more likely to
support the tax. However, those identifying as center right wing are the most significant political group
opposing the tax. Individunals working in the services sector are more likely to support the policy and the
same is true for those whose are employee for organizations working in the hard-to-abate activity.

Tables C.3 and C.4 examine the determinants of support for a fossil fuel tax, a direct financial penalty
on one of the most common consumption items. The dependent variable uses a three-level scale (oppose,
neutral, support).

Political ideology is a dominant factor in determining support for the fuel tax. There is a very strong and
positive effect for both the left wing and the center-left wing, meaning these groups are much more likely to
support the tax. Conversely, those identifying as center-right wing and the right wing are strongly opposed.

Environmental commitment is a major driver of support. Higher scores on the engagement index and
intentions index are positively associated with supporting the tax. Additionally, a higher level of optimism,
indicating trust in people, is linked to increased support. The strongest predictor of opposition is being a
negationist, reflecting an ideological rejection of the problem itself, which naturally leads to rejecting the
solution.

Self-interest and the perceived impact of the policy are highly influential, impact on wage and impact
on property variables are, in fact, significant. These factors are the most potent non-ideological predictors
in the model. Being worried by inequality makes individuals less likely to support this tax, suggesting a
concern that a fuel tax might disproportionately harm lower-income individuals. Older people being more
likely to support the tax. Women are less likely to support the tax than men.

Tables C.5 and C.6 show O-probit results related to the support for a ban on polluting vehicles which is
a policy directly affects individual mobility and vehicle ownership. As usual, support for the ban is strongly
and positively driven by an individual’s environmental commitment. Higher scores on the awareness index,
engagement index, and intentions index are all associated with a greater likelihood of supporting the ban.
The ban is so highly acceptable to those already prioritizing climate action.

Politically, both the left wing and the center-left wing are much more likely to support the ban, opposition
is concentrated on the right wing, who are notably less likely to support the measure. The center-right wing
shows a tendency toward opposition, but it is less pronounced than for the right wing. Additionally, older
individuals are more likely to support the ban on polluting vehicles.

Education is also positively associated with support for the ban. Those with a higher income are more
likely to support the policy. Individuals who believe they will gain more if climate change policies become
more ambitious are more likely to support the ban. Unemployed and people employed in an hard-to-abate

sector are negatively associated with support.
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Tables C.7 and C.8 show O-Probit results regarding the support for subsiding low-carbon technologies,
showing that this mainly driven by an individual’s level of environmental consciousness. The awareness
index, engagement index, and intentions index all show a very strong and positive association with support.
Usually. this represents a core policy for individuals who are generally environmental friendly.

Education level is a strong, positive predictor of support. snggesting that higher education correlates
with a greater propensity to favor government spending on technological transition. Older individuals are
more likely to support this policy. Being a homeowner is associated with a greater likelihood of supporting
the subsidies, likely due to the potential for direct benefits related to home improvements. Moreover, deciles
are also a positive factor, suggesting the perceived cost of entry for these technologies, even with subsidies,
might still be easier for wealthier individuals to afford or access.

The variable worried by inequality is a strong and significant positive predictor of support. This indicates
that this incentive-based policy is highly favored by those concerned about fairness, perhaps seeing it as a
way to reduce the financial burden of transition. Politically, the center-left wing is significantly more likely
to support the subsidy. The right wing shows a tendency toward opposition, but it is less pronounced than
for the restrictive policies.

Being unemployed is negatively associated with support, while, being in a household with poor insulation
is associated with a strong positive probability of supporting subsidies. This directly highlights the personal,
tangible benefit this policy offers to those facing immediate energy efficiency challenges.

Workers in hard-to-abate sectors do not support the subsidies for low-carbon technologies and there is
also a strong negative relationship with being a negationist and support this carrot policy.

Support for a policy that involves international financial aid for climate action (Tables C.9 and C.10) is
overwhelmingly determined by an individual’s stance on climate change. The awareness index, engagement
index. and intentions index all show a strong positive relationship with support, indicating that those who
are most informed, involved, and willing to take action are the most likely to favor international climate
aid. Conversely, identifying as a negationist is a strong negative predictor, representing the most significant
source of opposition to the policy.

The strongest non-environmental predictor in the entire model is being worried by inequality, which has
a very strong positive relationship with support. This highlights that many citizens view the global climate
fund primarily as an issue of global equity and climate justice, driven by a moral concern for vulnerable
populations worldwide. Perceived self-interest is also at play: individuals who perceive themselves as future
losers from climate change policies are significantly less supportive of the global fund. This confirms that
the fear of domestic economic cost outweighs the inclination toward international assistance for those who
feel vulnerable.

In terms of personal circumstance related to energy, having poor home insulation is a strong positive
predictor of support. This unexpected link suggests that those facing domestic energy vulnerabilities may
generally favor broad-based government spending on green initiatives, even international ones. Using gas for
heating, however, is associated with significantly lower support.

Finally, political alignment shows no statistically significant difference in the full model. This suggests
that support for the Global Climate Fund is not driven by the typical domestic ideological left-right.

Overall, across all O-Probit models presented, several patterns of statistical significance emerge. The most
robust predictors are the three composite indices—awareness, engagement, and intentions—which remain
positive and highly significant in every regression. This confirms that an individual’s underlying environ-

mental psychological profile is the most stable driver of policy support, regardless of the specific nature
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of the measure. Similarly, the “negationist” dummy consistently shows the strongest negative coefficient,
representing a fundamental ideological barrier to any climate-related intervention.

However, the significance of other drivers varies depending on the policy type. For distributive and re-
strictive measures (Tables from C.1 to C.6). political alignment is a primary determinant: self-identification
with the left or center-left significantly increases the probability of support, while the right-wing dummies
act as strong negative predictors. In contrast. for “incentive-based” policies like low-carbon subsidies (Tables
C.7 and C.8) and international equity measures like the Global Climate Fund (Tables C.9 and C.10), the
role of traditional political cleavage diminishes. In these cases, variables such as “worried by inequality”
and “Education Level” become more prominent, suggesting that support for these policies is driven more by
social concerns and cognitive awareness than by partisan identity.

Finally, the perceived self-interest variables (“Impact on Wage™ and “Impact on Home/Property”) main-
tain a high level of significance throughout the models. Their persistent positive correlation with support
indicates that public acceptability is heavily conditioned by the individual’'s perception of economic vulner-
ability or gain. This evidence suggests that while environmental engagement is a necessary condition for

support, it is not sufficient to override personal economic concerns.

4 Concluding Remarks

This study provides a detailed overview of Italian attitudes towards climate change and policy measures,
offering key insights into the factors that are correlated with (and may drive) public acceptance or
opposition. Our findings confirm that public opinion is not a monolithic entity, but it reflects a combination
of individual beliefs, political ideologies, and economic self-interest.

Both the MV-Probit and O-Probit analyses highlight the positive effect of awareness, engagement,
and pro-environmental intentions on the public acceptance of all types of climate policies. Moreover, the
MV-Probit results make it particularly evident that the prospective recycling of hypothetical carbon tax
revenues is viewed positively by individuals. This provides an opportunity to remark that the public may
accept even stringent policies if they are correctly designed and communicated to the community.

A central finding is the significant role of individual characteristics in shaping policy preferences. This
is especially true in the O-Probit analyses, which consistently demonstrate that political affiliation is a
powerful determinant of support, left-leaning individuals show significantly stronger backing for climate
policies, particularly those involving taxes or bans. This suggests that political messaging and alignment
are crucial for building policy coalitions.

Furthermore, climate awareness, engagement, and personal intentions are strongly and positively
correlated with support across all policy types. This underscores the importance of public education and
communication campaigns that move beyond simply stating facts to instead foster a sense of personal
responsibility and agency.

‘While individual factors are the primary drivers, we also find that employment sector plays a notable,
albeit secondary, role. Our analyses reveals that being involved in hard-to-abate sectors may indeed imply
a reduction in support to climate policies, although the evidence is strongly linked to the kind of policy
instrument at stake. This highlights a critical challenge for a just transition: ensuring that policies are

designed to mitigate the economic impacts on vulnerable workers and industries. The high level of support
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for revenue recycling mechanisms, particularly those that offer cash transfers to families or fund environ-
mental infrastructure, suggests that a perceived direct henefit is key to overcoming resistance. Policies seen
as purely punitive or disconnected from tangible returns—such as reducing the public deficit—receive far
less public backing.

We also show that concerns about inequality may increase support for less “punishing” policies (i.e.
subsidies) and that individuals concerned with negative impacts on their wage or wealth may be less keen
to support climate policy efforts.

The outcome of our work suggests therefore that successtul climate policy implementation in Italy—and
likely elsewhere—requires more than just technical and economic soundness. [t demands a sophisticated
understanding of public sentiment, acknowledging the diverse motivations and concerns of different
population segments. By prioritizing fairness through well-designed revenue recycling, fostering greater
climate awareness. and tailoring policy communication to appeal to both ideological and practical concerns,

governments can significantly enhance the political feasibility of ambitious climate action.
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